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Abstract.  This paper analyzes how responsibility is allocated among non-profit
organizations, crowdfunding platforms, and direct perpetrators after deceptive non-profit
crowdfunding campaigns, and examines how these attributions relate to subsequent
donation intentions. A cross-sectional, scenario-based quantitative survey was administered
to Chinese participants, yielding 273 valid responses after comprehension-based screening.
Participants evaluated responsibility assigned to the non-profit, platform, and perpetrator
and then responded to three subsequent fundraising contexts involving repeated or different
organizations and platforms. Multiple regression, ordinal and binary logistic regression, and
nonparametric tests were used to examine the relationships among responsibility attribution,
donation attitudes, and hypothetical donation amounts. The results show that participants
assigned similarly high responsibility to all three actors rather than concentrating blame on a
single party. Greater blame toward the non-profit and platform was associated with more
negative attitudes toward a subsequent campaign involving the same non-profit, while
responses toward unrelated charitable appeals remained comparatively positive. Donation
attitudes were also positively associated with hypothetical donation amounts in two
contexts. These findings suggest that deceptive crowdfunding may produce target-specific
withdrawal rather than generalized avoidance of charitable giving, highlighting the
importance of accountability, verification, and governance by both non-profit organizations
and crowdfunding platforms.

Keywords:  donation-based crowdfunding, crowdfunding fraud, responsibility attribution,
donation intention

1. Introduction

Social media-based crowdfunding is a popular fundraising avenue for non-profit organizations
(NPOs); however, misleading charity campaigns can diminish consumer trust and negatively affect
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the long-term charitable development. Previous studies consider organizational trust and platform
governance as separate concepts that results in insufficient integration of responsibility attribution
among multiple parties and its diverse effects on the process of donation. The following questions
are posed in this paper: how do deceptive non-profit crowdfunding affect the responsibility
attribution toward hosting platforms and non-profit organizations? How do different forms of
responsibility affect the future donations? The study uses a cross-sectional, scenario-based
quantitative questionnaire receiving 273 valid responses from Chinese participants and applies
multiple regression and nonparametric analysis to identify the relationship between variables.
Willingness to continue donations was mostly affected by the governance, control, and security of
transactions in the non-profit organization. Therefore, attribution of responsibility to the
organization can have a significant effect on future donations, while attribution of responsibility to
the perpetrators is unlikely to affect donor intention. This paper expands the responsibility
attribution theory in the multi-party context, challenges the general assumption of trust erosion and
provides practical recommendations for both NPOs and crowdfunding platforms.

2. Literature review

2.1. Social media fundraising and deceptive non-profit crowdfunding

Social media have become a crucial means for non-profit organizations to interact with stakeholders,
gain legitimacy and collect external resources. Compared to traditional means of fundraising, social
media allow fast information spread, engagement and mobilization of supporters through such tools
as sharing, commenting, and running campaigns [1]. According to Resource Dependence Theory,
NPOs require donations and support of external stakeholders to maintain their sustainability [2].
Previous studies showed that effective social media marketing can improve charity brand image,
brand trust, and donation intention [3].

However, the availability and openness of social media can be misused for deceptive non-profit
crowdfunding. Deception refers to practices that are designed to manipulate the user's perception or
actions by providing misleading information, fake identity, manipulating contents, or using
coordinated dissemination strategies [4, 5]. In the context of non-profit crowdfunding, deception can
be performed by the impersonators of legitimate charities, fake beneficiaries, or fraudulent
fundraising campaigns. The non-profit organization can use deception as well through the
manipulation of outcomes, selective disclosure of information, and misleading narratives. Recent
findings suggest that donation-based scams have become an epidemic issue on multiple social media
platforms. Acharya et al. [6] analyzed millions of donation-related posts and discovered numerous
scam accounts, revealing the limitations of the existing platform governance.

2.2. Responsibility attribution in deceptive crowdfunding

When users encounter deceptive fundraising campaigns, they have to assign responsibility for it.
Responsibility Attribution Theory argues that people make evaluation of negative events based on
causality, controllability, and accountability [7, 8]. In the online environment, the assignment of
responsibility is not necessarily made only to the author of misleading information; it can be made
also to the platforms that failed to notice, regulate, or delete the harmful content.

Studies on online misinformation show that users differentiate between content creator and the
platform which is responsible for information governance. Lima et al. [9] found that people often
assign responsibility to multiple parties depending on their role in either production or prevention of
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the misleading content. Similarly, when it comes to deceptive non-profit crowdfunding, people can
blame non-profit organizations if they believe that organization has deliberately misinformed its
audience. Alternatively, people may blame the social media platforms if they find that the lack of
moderation and verification system allows such fraudulent campaigns. This distinction is critical
because different forms of responsibility attribution result in different trust consequences: blaming
of nonprofits can harm the trust in charities and reduce the willingness to support future campaigns,
while blaming of platforms can affect platform reliability, governance capability, and information
quality. However, previous literature rarely investigates whether responsibility to different parties is
related to different donation response.

2.3. Trust consequences of deceptive crowdfunding

Trust is a critical element of online fundraising because donors cannot directly observe how the
money is spent by the organizations. In the case of uncertainty, trust reduces risks and promotes
charity engagement [10, 11]. Deceptive claims may impair trust by increasing uncertainty and
evoking such emotions as disappointment, anger, and betrayal [12].

Moreover, social media platforms have taken increasingly prominent positions in the fundraising
ecosystem. Besides the role of communication infrastructure, the platform moderates visibility,
identity verification, and prevention of frauds. Thus, users assess the credibility of platforms if the
misleading campaigns remain available or widely spread. Previous studies on online misinformation
show that exposure to misleading content affects users' trust in the platform and its governance
capabilities [4]. However, platform responsibility has received less attention compared to
organizational responsibility in the studies of deceptive non-profit crowdfunding.

The Social Amplification of Risk Framework explains why deceptive campaigns can have wider
consequences beyond individual cases, as the social media can quickly disseminate the information
via networks amplifying both good and bad reputation [13]. Negative information attracts more
attention and gets quickly disseminated, thus shaping the image of the other non-profits or the
platform itself [14, 15]. This trust spillover is an important, yet unexplored consequence of
deceptive non-profit crowdfunding.

2.4. Research gap and current study

The existing literature provides important insights regarding the communication of NPOs on social
media, deceptive information, and donation behavior. However, these literature streams have been
developed separately, where studies on nonprofit fundraising focus on organizational trust, while
studies on information and platform governance focus on platform trust.

Moreover, previous research paid little attention to responsibility attribution as the means of
explanation for why users direct distrust toward different parties. The same deceptive campaign can
generate different consequences depending on whether users assign responsibility to the non-profit
organization, the platform, or both. This question becomes more relevant due to the rise of AI-
generated deceptive contents that increase the complexity of authenticity assessment.

In order to fill these gaps, the current study analyzes the way how the public assigns
responsibility to non-profit organizations, crowdfunding platforms, and perpetrators in the context of
a deceptive crowdfunding incident. The study further investigates how these responsibility
attributions are related to future donation intentions in different organizational and platform
contexts.
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2.5. Hypothesis development

The responsibility attribution is based on causality, controllability, and accountability [7, 8]. In the
platform-mediated crowdfunding, the non-profit organization, the hosting platform, and the
perpetrators have different roles in the creation, approval, and prevention of misleading statements.
Thus, based on different grounds of attribution, the study first checks whether respondents distribute
blame unevenly among the three actors.

H1: Responsibility attribution will differ among the non-profit organization, the crowdfunding
platform, and the direct perpetrators.

Attribution should also shape future responses in an actor-specific way. Blaming an institution for
donor harm may weaken confidence in that institution and reduce willingness to support a later
campaign in which it remains involved [14, 16, 17]. Accordingly, the expected association is
strongest when the blamed actor reappears in the subsequent fundraising context.

H2a: Greater blame attributed to the non-profit organization will be associated with less
favorable donation attitudes toward a subsequent campaign involving the same non-profit.

H2b: Greater blame attributed to the crowdfunding platform will be associated with less
favorable donation attitudes toward subsequent campaigns hosted on the same platform.

Finally, donation attitudes should correspond to intended allocation decisions. Although a
hypothetical amount is not equivalent to actual behavior, more favorable evaluations of a campaign
should be reflected in a willingness to allocate more money to it [18, 19].

H3: Within each subsequent fundraising context, more favorable donation attitudes will be
positively associated with higher hypothetical donation amounts.

3. Methodology

3.1. Research design

The study used a quantitative, cross-sectional, scenario-based survey to examine responsibility
attribution following deceptive non-profit crowdfunding and its association with subsequent
donation intentions. All participants read the same fictional case, and no variable was experimentally
manipulated.

3.2. Participants and data screening

A total of 311 responses were collected from Chinese participants. Respondents were required to be
at least 18 years old, provide informed consent, and correctly answer a comprehension check about
the deceptive campaign. Thirty-eight respondents failed this check and were excluded, leaving 273
valid cases. Participant characteristics are reported in Table 1.

Table 1. Participant characteristics (n = 273)

Characteristic Category n %

Age
18–44 224 82.1

45 or older 49 17.9

Gender
Woman 148 54.2

Man 125 45.8
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Education
High school or below 34 12.5
Some college or above 239 87.5

Previous donation
No 2 0.7
Yes 271 99.3

3.3. Materials and procedure

The questionnaire presented a fictional crowdfunding campaign organized by Guangxi Flood Relief
on OmniFund. The verified campaign claimed to support people affected by severe flooding and
raised approximately ¥500,000. Participants were subsequently informed that an investigation had
found important claims about the beneficiaries and use of funds to be false or materially misleading.

After the comprehension check, participants completed the responsibility-attribution measures
and responded to three subsequent fundraising scenarios involving different combinations of non-
profits and platforms. For each scenario, they reported their intended response and hypothetical
donation amount.

3.4. Measures and recoding

Responsibility attribution was measured separately for the non-profit, platform, and direct
perpetrators using three 7-point items ranging from 1 (strongly disagree) to 7 (strongly agree).
Because the items assessed responsibility assigned to different actors, they were analyzed separately
rather than combined into a scale.

Donation-related attitudes were originally measured from 1 to 11 and recoded to range from −5 to
+5. Negative values represented opposition or warning behavior, zero represented ignoring the
appeal, and positive values represented increasing willingness to support or donate.

Hypothetical donation amounts were recoded into three ordered categories: 0 = less than ¥50, 1 =
¥50–¥100, and 2 = more than ¥100. Age, gender, education, and donation frequency were included
as control variables. Income was excluded because the Chinese and English versions measured
different income concepts, while previous donation experience was excluded because only two
participants had never donated.

3.5. Analytical strategy

Descriptive statistics were calculated for the principal variables. Differences among the three
responsibility ratings were examined using the Friedman test and Holm-adjusted Wilcoxon signed-
rank comparisons [20]. Spearman correlations assessed associations among responsibility
attribution, donation attitudes, and hypothetical donation amounts.

Multiple linear regressions predicted the three donation-attitude outcomes from the attribution
variables and demographic controls, using HC3 robust standard errors [21]. Binary and ordinal
logistic regressions were used for the donation-amount outcomes. All tests were two-tailed with α =
.05.

Table 1. (continued)
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4. Analysis and results

4.1. Descriptive results and responsibility allocation

Participants assigned relatively high responsibility to all three actors. Mean blame was 5.73 for the
non-profit (SD = 1.09), 5.67 for the platform (SD = 1.07), and 5.77 for the direct perpetrators (SD =
1.03). The Friedman test found no evidence that the distributions differed, χ²(2) = 0.38, p = .828.
None of the three Holm-adjusted pairwise comparisons was significant. Responsibility was therefore
distributed broadly rather than concentrated on one actor. Thus, H1 was not supported.

Responses differed sharply across the three later fundraising contexts. Attitudes were strongly
negative toward another appeal involving the same non-profit and platform but positive toward a
different non-profit on either the same or a different platform. Donation amounts followed the same
general pattern: most participants selected less than ¥50 in the same-NPO context, whereas most
selected more than ¥100 in the general different-NPO/different-platform context (see Table 2).

Table 2. Descriptive statistics for principal variables

Variable M SD Median Range

NPO blame 5.73 1.09 6 1–7
Platform blame 5.67 1.07 6 1–7

Direct-perpetrator blame 5.77 1.03 6 1–7
Same-NPO attitude −3.63 1.28 −4 −5 to 3

Same-platform attitude 3.62 1.41 4 −5 to 5
General attitude 3.53 1.43 4 −5 to 5

4.2. Bivariate associations

The three attribution ratings were moderately and positively correlated (Spearman ρ = .45–.46, all ps
< .001), indicating shared rather than mutually exclusive blame. Each rating was negatively
associated with the same-NPO attitude but positively associated with the same-platform and general
attitudes (all ps < .001). Associations with donation-amount outcomes were substantially weaker;
the strongest was between platform blame and the same-NPO amount category (ρ = −.14, p = .020).
Correlations between the action-attitude and corresponding amount outcomes were comparatively
weak.

Table 3. Spearman correlations among attribution and action-attitude variables

Variable 1 2 3 4 5 6

1. NPO blame —
2. Platform blame .460 —

3. Perpetrator blame .462 .451 —
4. Same-NPO attitude −.492 −.471 −.401 —

5. Same-platform attitude .457 .471 .419 −.545 —
6. General attitude .419 .456 .389 −.540 .544 —

Note. All displayed off-diagonal correlations were significant at p < .001.
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4.3. Regression models for action attitudes

The same-NPO model explained 35.2% of the variance. Greater NPO blame and platform blame
independently predicted more negative responses, whereas direct-perpetrator blame was not
significant. Higher education was also associated with a more negative response (see Table 4). The
negative coefficient for NPO blame supported H2a; the negative coefficient for platform blame was
also consistent with H2b in this context.

In the same-platform model, both platform blame and NPO blame were positively associated
with willingness to support a different non-profit. More frequent donors also reported more positive
attitudes, whereas direct-perpetrator blame was not significant (see Table 4). Because the platform-
blame coefficient was positive rather than negative, H2b was not consistently supported across the
two same-platform contexts.

Platform blame and NPO blame were also positively associated with general donation attitudes.
Older respondents reported less positive attitudes, while donation frequency was positively
associated with the outcome. No problematic multicollinearity was detected (see Table 4).

Table 4. Adjusted linear regression models predicting action attitudes

Predictor Same NPO Same platform General

NPO blame -0.358*** (0.089) 0.216* (0.092) 0.243* (0.097)
Platform blame -0.379*** (0.106) 0.480** (0.163) 0.500** (0.155)

Direct-perpetrator blame -0.087 (0.107) 0.134 (0.106) 0.054 (0.102)
Age 45+ -0.064 (0.174) -0.382 (0.282) -0.741** (0.277)

Man -0.144 (0.137) -0.057 (0.161) -0.080 (0.157)
Some college+ -0.654** (0.247) 0.003 (0.203) 0.285 (0.244)

Donation frequency -0.158 (0.115) 0.402** (0.133) 0.317* (0.126)

Note. Entries are unstandardized coefficients with HC3 robust standard errors in parentheses. *p < .05. **p < .01. ***p < .001.

4.4. Secondary models for amount categories

The same-NPO amount model was not significant overall, likelihood-ratio χ²(7) = 12.28, p = .092.
Platform blame was associated with lower odds of choosing the higher observed category (¥50–
¥100 rather than less than ¥50), OR = 0.72, 95% CI [0.51, 1.00], p = .049. Because the overall
model was nonsignificant, the confidence interval approached 1.00, and no participant chose more
than ¥100, this coefficient should be treated as marginal and exploratory.

The same-platform proportional-odds model was not significant overall, likelihood-ratio χ²(7) =
8.25, p = .311; none of the attribution variables significantly predicted the amount category. The
general-amount model also fell short of conventional overall significance, likelihood-ratio χ²(7) =
13.25, p = .066. Donation frequency was its only significant predictor: each one-category increase in
prior donation frequency was associated with 1.97 times the odds of selecting a higher general
donation category, 95% CI [1.23, 3.13], p = .004. Responsibility attribution was not significantly
associated with the general amount choice.

Attitude–amount correlations provided partial support for H3. Donation attitude was positively
associated with the corresponding amount in the same-platform context (ρ = .13, p = .031) and the
general context (ρ = .20, p = .001), but not in the same-NPO context (ρ = .03, p = .666).
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Table 5. Logistic models predicting hypothetical amount categories

Predictor Same NPO Same platform General

NPO blame 1.04 [0.75, 1.45] 0.79 [0.62, 1.01] 1.22 [0.90, 1.66]
Platform blame 0.72* [0.51, 1.00] 1.17 [0.91, 1.52] 1.18 [0.85, 1.62]

Direct-perpetrator blame 0.95 [0.68, 1.34] 1.06 [0.82, 1.38] 0.81 [0.58, 1.12]
Age 45+ 1.22 [0.55, 2.72] 1.23 [0.68, 2.23] 0.77 [0.36, 1.66]

Man 0.79 [0.42, 1.51] 1.43 [0.91, 2.24] 1.06 [0.57, 1.96]
Some college+ 3.56 [0.82, 15.55] 1.15 [0.58, 2.26] 0.99 [0.38, 2.58]

Donation frequency 0.86 [0.56, 1.34] 1.17 [0.84, 1.61] 1.97** [1.23, 3.13]

Note. Entries are odds ratios with 95% confidence intervals. The same-NPO outcome was binary; the other outcomes used
proportional-odds models. *p < .05. **p < .01. ***p < .001.

5. Discussion

5.1. Summary and interpretation of findings

Contrary to H1, participants assigned similarly high responsibility to the non-profit, platform, and
direct perpetrators. H2a was supported because greater NPO blame predicted rejection of another
campaign involving the same non-profit. H2b received mixed evidence: platform blame predicted
stronger rejection when both the non-profit and platform were repeated, but was positively
associated with attitudes toward a different non-profit on the same platform. H3 was partially
supported because attitudes corresponded to hypothetical amounts in two of the three contexts.

These comparable ratings indicate that respondents viewed responsibility as shared across actors
performing different roles in platform-mediated fundraising.

5.2. Target-specific withdrawal rather than generalized avoidance

The same-NPO outcome provides the clearest evidence of target-specific withdrawal. Both NPO
blame and platform blame remained negative predictors when entered together, whereas direct-
perpetrator blame did not make an independent contribution. This pattern suggests that respondents'
future support was especially connected to their judgments of the institutional actors that would
again be involved in the transaction. This interpretation is consistent with previous research showing
that trust and relationship commitment are important determinants of sustained charitable giving
[16]. Blaming direct perpetrators may have identified who committed the deception, but blaming the
non-profit and platform was more directly related to whether the respondent would re-enter the same
organizational arrangement.

The positive coefficients for NPO and platform blame in the same-platform and general models
should not be interpreted as evidence that blame causes people to donate more. A plausible
interpretation is that respondents who were more attentive to accountability also distinguished the
fraudulent incident from charitable giving as a whole. Such respondents could strongly condemn all
responsible actors while remaining willing to support unrelated causes. Another possibility is a
stable prosocial-engagement orientation: experienced or highly engaged donors may both demand
accountability and retain positive attitudes toward legitimate charitable appeals. This explanation is
consistent with research showing that charitable giving is shaped by multiple mechanisms, including
values, reputation, psychological benefits, awareness of need, and perceived efficacy [22]. This
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positive relationship between prior donation frequency and broader context factors supports this
assumption.

However, such positive correlations need to be interpreted with caution, as both scales used to
measure attitude and behavior consist of advocacy, disengagement, and donation items combined
into one continuum. The low correlation between attitude and intention in terms of donation amount
also points to the fact that two measures may refer to different aspects of donation-related responses,
corroborated by findings that different framing affects the donation intention and intentioned
donation amount [18]. Therefore, the most convincing evidence relates to the rejection of the NPO–
platform couple, while positive spillover effects look weaker.

5.3. Practical implications

For non-profit organizations, these results imply the importance of proper authorization of the
campaigns, controls, reporting on the use of funds, and correctional communication in case of any
mistakes. In the aftermath of a defamation or a blame event against a non-profit organization, a
person may show reduced willingness to support another campaign initiated by the organization.
Thus, a response should name the mistake made, specify who was responsible for the authorization
of the campaign and use of the funds, and provide independent verification of the corrective
measures taken.

For crowdfunding platforms, these results stress the importance of reputation for the labels of
approval and verification. Platform credibility correlates with donation attitudes and intentions [17],
and quality signals, in general, affect crowdfunding outcomes [23]. Therefore, platforms should
clarify the scope of verification, monitor risky campaigns, provide reporting channels, and conduct
transparent communication about the measures taken.

6. Conclusion

6.1. Summary

After the incident of fraudulent crowdfunding, people ascribed high responsibility to the NPO,
platform, and direct perpetrators of the mistake. However, the blame attributed to the non-profit and
platform proved to be stronger correlated with rejection of another campaign involving the same
NPO and platform. It is not clear whether it extends to other charitable appeals, implying that people
differentiated between implicated parties and the charitable environment in general. The design of
the study being cross-sectional and purely hypothetical, these results suggest correlations rather than
causality.

6.2. Theoretical contributions

These results add responsibility attribution reasoning to the multi-actor crowdfunding context.
Public blame does not have to be zero-sum: assigning the responsibility to the platform does not
have to mean the absence of it assigned to the non-profit or to direct perpetrators. Moreover,
attribution to institutional actors was more correlated with the donation rejection than attribution to
direct perpetrators. Such a differentiation means that attribution may affect the future behavior
through the judgment of governance and oversight of institutional actors, although the present
questionnaire did not measure these variables. These results also refute the assumption that a
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fraudulent campaign would reduce charitable giving universally. People distinguished implicated
actors from the environment unrelated to fundraising.

6.3. Limitations

A number of limitations need to be mentioned. First, the cross-sectional and single-scenario design
of the study prevents from inferring causality and comparing different kinds of scams. The
concurrent measurement may lead to common method variance [24]. Using single-item measures of
responsibility may make reliable assessment of reliability and validity impossible. Moreover, the
study measures hypothetical intentions, which do not always match real donation behavior [19, 25].
The constrained set of possible scale values and donation amounts makes measurement imprecise.
Also, the study does not include measurements of trust and cannot perform mediation analysis.
Finally, the sample consists mostly of relatively educated people who already had donation
experience, which limits the generalizability.

6.4. Future research

Future research should apply multi-item measures of responsibility, measure trust to non-profits and
platforms directly, and use more precise or incentivized measures of donation outcomes. The
experimental manipulation of non-profit involvement, verification of the platform, and responses to
the mistakes will help to reveal causality and possible strategies for donor engagement restoration.
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