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Abstract.  Under the backdrop of rapid development of financial technology and fierce
market competition, this paper discusses how commercial banks transform deposit
customers into loan customers, so as to improve the profitability of commercial banks and
enhance their competitiveness in the market. As the article notes, although deposit business
is still an important funding source for banks, the classic profit model of deposit business
has come under duress due to declining yields and increased competition. In comparison,
the loan business has higher profit margins, but the risk characteristics of the loan require
banks to meet risk control so as to expand their credit scale. In order to achieve this trade-
off, banks should take multi-dimensional strategies, including granular customer
segmentation, differentiated credit strategy, leveraging financial technology (big data
analysis, artificial intelligence, etc.), and optimizing loan product design and risk
management mechanism. The paper also incorporates theories on customer lifecycle
management, credit scoring, behavioral economics, and risk management from different
streams of literature to conceptualise a theoretical framework that relates to the multi-
dimensional facets of deposit-to-loan conversion. It conducts a case study of practical cases
of domestic and foreign banks and summarizes their successful experience. Lastly, the
potential future trends for banks in optimizing their credit businesses are elaborated upon,
accentuating the need for innovative business models, improved customer service systems,
and technological tools. If you need to write articles related to Deposit customers, loan
customers, precision marketing, customer lifecycle, financial technology Keywords, you
would be happy to include those.

Keywords:  Deposit customers, loan customers, precision marketing, customer lifecycle,
financial technology.

1. Introduction

Commercial banks are currently hit hard by unprecedented challenges in an increasingly
competitive financial industry [1]. The advent of the internet economy, particularly the emergence
of internet finance and FinTech (The term “FinTech” refers to both the information technology used
in financial services and the firms that provide digital alternatives to traditional financial services
[1].), has greatly impacted conventional banking business models [2]. During this transformation,
banks should not only keep deposit business as a funding source but also actively develop loan
business to improve profitability. In the past few years, in response to the need for further
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optimization of business structure and promotion of market competitiveness, banks' strategic focus
has been gradually shifted towards accelerating the transformation of deposit customers through
deposit transformation into loan customers. Although deposit business still plays a major role in
bank funding, the traditional profit model based on deposit interest faces numerous challenges, such
as declining yields and fierce market competition [3]. Loan business, however, is one of the
infallible main products of banks and generally has a higher profit margin than these service
products. On the other hand, the profit feature of loan business has significant relevance with its
risk features [4]. Banks need to be able to effectively control risks while expanding the scale of
credit to avoid the accumulation of non-performing loans, thus affecting asset quality and long-term
stable operation. So, on the basis of refining risk control, how to effectively transform deposit
customers into loan customers is not only related to the market share and profitability of banks, but
also directly related to the long-term sustainable development of banks.

In order to reach this goal, banks have to use overmás strategies. Banks, on the one hand, need to
fully tap into the needs of individuals and enterprises to make reasonable adaptive innovations,
formulate differentiated credit strategies according to customer segmentation, effectively use
Internet financial technology tools big data computing, artificial intelligence and other technologies
to improve customer credit assessment accuracy [5]. Conversely, based on the principles of
regulatory compliance, banks need to make loans more attractive in terms of increasing loan
business through adjusting loan product design, improving customer experience, and optimization of
risk management mechanisms. Moreover, the swiftly changing financial market environment
continuously requires banks to adapt business model to satisfy varying customer group, hence
enhancing customer loyalty and trust [6].

In this study, we investigate deposit padding in a financial technology (fintech) setting with
intensified competition to convert deposit customers into loan customers to improve profitability
for commercial banks. It initially explores difficulties existing in deposit business, as well as profit
potential in loan business. Next, it constructs a multidimensional converting framework containing
customer segmentation, differentiated credit strategies, financial technology application and risk 
management optimization. Afterwards, by blending the theory system with strategy optimization, it
draws the conclusion of strengths, weaknesses, opportunities, and threats, and makes suggestions
for development trends in the future.

2. Theoretical framework

In this chapter, we unify theories from customer lifecycle management, credit scoring, behavioral
economics and risk management to create a theoretical model for the multi-facted phenomenon of
the conversion of a deposit to a loan. As technology continues to develop and regulatory
environments change, banks must frequently adapt their approaches to generate financial growth,
mitigate risks, establish stronger relationships with customers, and remain competitive in the field.

2.1. Conversion: a key metric in banking

Banks exist in a dynamic environment in which the transformation of deposits into loans is
considered one of the most critical processes for how financial institutions grow, manage risk, and
provide services to customers [7]. This process is at the heart of the banking business model,
allowing financial institutions to earn interest income. Banks support business and individuals by
providing cash, using customer deposits to make loans, and in this way promoting a growing
economy [8]. This process is not without its challenges, however. Banks should evaluate the
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creditworthiness of borrowers more carefully, control risks, and comply with regulatory
requirements [9]. Deposit-to-loan conversion is a more complex process today than it once was
with changing customer demands, advancing technology and increasing competition in the financial
industry. Banks have to constantly optimize their risks management framework, improve customer
experience, and operate in a highly regulated environment.

2.2. A theoretical foundation for customer conversion

2.2.1. Customer lifecycle & relationship management

Banks benefit from the customer lifecycle theory, as they can use it as a basic layer to analyze
customer behavior [10]. Customer needs to follow the customer acquisition and attract development
and retention periods, banks need to target different stages, through differentiated service strategies
to meet customer needs. For instance, in the acquisition phase, financial institutions can recruit new
customers through low-threshold deposit products, while in the retention phase, they can strengthen
customer stickiness through tailored loan products and value-added services. In this regards,
customer relationship management (CRM) is highly significant [11]. Banks are able to utilize data
analysis and customer segmentation for identifying high-value customers and offering personalized 
loan solutions to maximize customer lifetime value (CLV) [12].

2.2.2. Risk-based pricing and credit scoring

One of the bedrock tools of deposit-to-loan conversion is credit scoring, allowing banks to assess
potential borrowers' credit risk. Examples of Input to ML Models Traditional credit scoring models
are based on factors like, historical credit records, income levels, debt-to-income ratios. But with the
thousands of development of the technology, the traditional models are gradually being replaced by
the machine learning algorithms and big data analytics that provide with more accurate predictions
for the risk [2]. Banks can use interest rate pricing tools to assess risk levels among their borrowers
and lower defaults while also providing lower interest rates to customers with low credit risk. This
strategy increases banks' profits whilst encouraging customers to keep clean credit records.

2.2.3. Human psychology in financial decision-making

Understanding customers psychology and their biases in loan decision-making is important which is
well addressed by behavioral economics. Sometimes, customers may refuse loans that are
economically reasonable under normal conditions because they believe they are losing out because
of "loss aversion," as per the concept of Prospect Theory [13]. This further strengthens the influence
of both the "default effect" [14] and "framing effect" upon customers' decision-making processes.
Mental hurdles could be defeated by granting loans from banks and other lending institutions with
more appealing options for purchases. Clear payment schedules, detailed upfront charges, and
consideration of the loan's enduring worth may help alleviate customers' anxiety about becoming
indebted.
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2.3. Conversion of deposits into loans: effects on banks

2.3.1. Financial growth and profitability

Conversion of loans from deposits makes up a considerable portion of banks' profits. As long as they
issue loans, banks can make money from interest earnings on those loans, along with any associated
loan origination fees or prepayment penalty levies. Worse still, the loan–to–deposit ratio still gives
us an important gauge of how well the banks are financing themselves. An elevated ratio indicates
that banks are making more profit by utilizing deposits in a smart manner. Liquidity risks may be
triggered by an excessively high ratio, on the other hand. This results in a requirement for banks to
maintain equilibrium in managing both the balance of profitability and liquidity.

2.3.2. Risk and credit control

Transforming deposits into loans offers significant financial advantages, but also involves risks such
as credit defaults and liquidity mismatches. According to [15] the Basel Accords are frameworks
that allow risk management where risks are controlled through capital ratios, stress testing and
liquidity coverage ratios. Moreover, it is imperative that banks establish robust credit control
systems that involve persistent oversight of their loan portfolios, early warning mechanisms, and
proactive management of non-performing loans. Efficiency in risk management processes helps
banks reduce the likelihood of defaults occurring.

2.3.3. Customer relationships & experience

The deposit-to-loan conversion process influences customer relationships and experience deeply.
Maintaining a secure, transparent, and efficient loan process can greatly improve customer
satisfaction and trust. On the contrast, a bad customer experience may cause customer churn and
damage reputation [16]. Banks can use technology to optimize loan approval processes AI and big
data can be used for this [17] and offer tailor made loan products to customers to improve customer
experience. Banks enhance customer convenience by offering multi-channel services such as
mobile banking and online customer support.

2.3.4. Regulatory and competitive issues

In an increasingly competitive market environment, banks are grappling with challenges to
optimize deposits-to-loan conversion. Moreover, while the emergence of FinTech companies
increases the competitiveness of the market, changing supervisory requirements restrict banks from
being more flexible in terms of loan services. In this ever-changing scenario, banks must keep
innovating their solutions to be at par with the regulatory standards.

3. Literature review

The deposit-loan conversion is a core function of the banking sector. It supports the growth and risk
management strategies of financial institutions. Additionally, it plays a significant role in shaping
customer engagement for banks. This process directly influences the profitability of banks [1]. At
the same time, it is essential for driving economic growth. It also addresses the funding requirements
of businesses and consumers. To optimize their loan operations, banks implement various strategies.
These include credit scoring and risk assessment. Banks also use customer segmentation and credit
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profiling. Furthermore, they employ social network analysis and relationship marketing. Another
key strategy is customer lifecycle analysis. These methods help banks expand their loan business
effectively.

3.1. Tables ⇒ credit score and risk evaluation

When approving loans, credit scoring and risk evaluation are very important. These tools help banks
assess the creditworthiness of potential borrowers. Traditional credit evaluation models, like the
FICO score and behavioral scoring, use past credit history, income, debt-to-income ratios, and other
financial details to measure risk [7]. These frameworks provide a numerical basis for evaluating
consumer loan eligibility, enabling banks to reduce default risks while optimizing their profit
prospects. Recent technological advancements and their implementation have rendered the process
of credit scoring more scientific, precise, and rapid than before. A range of machine learning
techniques, such as random forests, XGBoost, and neural networks, are being employed to enhance
the predictive precision of credit scoring models to unprecedented levels [5]. The algorithms
evaluate datasets incorporating unconventional variables such as social media activities and
transaction trends to provide a comprehensive risk analysis [2]. These advanced strategies help
banks tailor loan products for customers with different risk levels. This improves customer
satisfaction and loyalty [5]. Concurrently, the use of credit scoring models poses difficulties due to
potential biases in lending methods, particularly troubling for populations that are underrepresented
[4]. Banks are turning to explainable AI (XAI) methods. These methods ensure transparency and
fairness in credit decisions [18]. Throughout the entire process, encompassing credit evaluation, risk
analysis, risk division, loan transformation, and maintaining a balance between profitability and
overall risk management [7].

3.2. Data management and informed decision-making

A good example is customer segmentation. This strategy helps banks develop focused marketing
plans with higher loan conversion rates. By dividing customers into groups based on demographics,
behavior, and financial needs, banks can design targeted marketing campaigns for each segment
[19]. For instance, cluster analysis can help find high-value clients who are more likely to accept
loans, which will allow banks to allocate resources more effectively [12]. For example, where
traditional segmentation ends, precision marketing continues with personalized recommendations.
Predictive analytics helps banks in targeting customers as per their need. For example, predictable
analytics can be used to find if a customer is interested in buying a new home or expanding their 
business; such analytics can be used [5]. Banks can also greatly increase customer engagement and
conversion rates through these methods [12] by providing personalized loan products with appealing
interest rates and flexible repayment conditions. Customer segmentation helps banks address the
varied needs of different demographic groups. For example, younger customers may prefer digital
loan applications with instant approvals. On the other hand, older customers might value
personalized advice and face-to-face interactions [7].. Meeting these preferences puts banks in a
strong position to develop closer ties with customers and achieve long-term loyalty [20].

3.3. Social networks and relationship marketing

Creative methods like social network analysis (SNA) and relationship marketing have become
important for improving loan conversion rates. Financial institutions analyze customer social
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networks to identify Key Opinion Leaders and influential individuals. These figures play a key role
in boosting word-of-mouth marketing efforts [9]. An alternative strategy involves banks involving
these individuals in referral schemes, offering incentives like loan cashback or lower interest rates to
those who suggest loan options to their social circles [18]. Relationship marketing is also key for
building trust and loyalty. Financial institutions use customer data to design personalized
interactions. This helps strengthen their connection with loan customers [11]. Banks, for instance,
are capable of dispatching targeted proposals to clients who have either demonstrated interest in
loans before or possess a history of prompt repayments [12]. This method will enhance both the
likelihood of loan approval and the level of customer contentment [20]. Banks can also use social
network analysis to find potential clients who are very similar to their existing high-value customers.
This allows banks to grow their customer base with lower risk. They can offer these individuals
tailored loan options.

3.4. Customer lifecycle analysis

Another key strategy in optimizing the loan conversion process is customer lifecycle analysis.
Banks can design targeted interventions to maximize customer value by understanding the different
stages of a customer's relationship with the bank, from acquisition to retention [20]. For instance,
banks can provide low-interest loans during the acquisition phase to win over new customers;
during retention phase, they can create customized loan products and offer value-added services [4]
to stimulate loyalty. Also, customer lifecycle analysis helps banks to find at-risk customers who
consider defecting to rivals [11]. Studies show that personalized incentives, lower interest rates, or
flexible repayment plans can help banks maintain customer loyalty [15].

4. Ways to increase deposit-to-loan conversion

4.1. Data-driven innovation: precision marketing and customer segmentation

4.1.1. Tiering and targeted recommendations

Commercial banks can analyze customer loyalty through the frequency and amount of loans, and
classify their customers into levels so as to predict more accurately their future financial needs
[20,21]. In addition to this, by integrating psychographic data with demographic data and behavioral
data (including personal values, life satisfaction, and the use of savings plans), banks will be able to
better identify customer groups with significant deposit potential [8]. Frequent loan customers may
have more stable funding needs, while infrequent loan customers may be more sensitive to loan
costs and interest rate fluctuations. Data mining can also create opportunities in the banking sector,
where K-means clustering, decision trees and RFM models (Recency, Frequency, Monetary) can be
implemented for better customer classification to identify possible loan demand. For example,
younger customers tend to be more interested to small, short-term loans, while high-net-worth 
customers have more interest to large, low-interest loans [22]. Banks analyse the data to create 
customized loan products for various segments of customers, improving loan conversion rates.

4.1.2. Data science at the marketer's service

Precision marketing is all about choosing the correct channels to reach potential groups customers
effectively. The increasing green loans and financing demand from micro, small and medium
enterprises or MSMEs in recent years have become a major boost for sustainable loan business
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expansion. Banks can use bolt-on digital and traditional channels to facilitate engagement with
prospective borrowers. In digital marketing, for instance, banks can use personalized SMS push
notifications, social media ads, and mobile app notifications to push relevant loan products to
different customer segments. On the other hand, in offline channels, through one-to-one
communication with relationship managers and offline promotion events for financial products,
bank employees can better understand customers and build trust in loan products. In addition to this,
A/B testing methods can be used by banks to compare marketing strategies, e.g., examining the
effect of preferential interest rates, discount motivation, or free financial consulting services on
customer behavior [9]. Optimization of marketing channels over time leads to better efficiency of
marketing efforts and wider loan product market penetration.

4.1.3. Enhancing customer experience

Specific loan conversion rates are heavily impacted by the customer experience. The service quality
is directly affected by the convenience, credibility, product portfolio and security of bank services,
while the customers are more concerned with the loan processing times and transaction costs [1].
Introduction of "Pre-approved loan" functions which banks can use to inform customers about their
loan eligibility and loan terms before they apply to minimize uncertainty and thereby improve
overall customer satisfaction. In addition, intelligent customer service systems can also be adopted 
to provide 24-h guidance and help for general loan questions [12]. This AI-driven customer service
does not only cut down expenses but increases the speed of conversations in-turn enhancing
improved interactions leading to higher customer satisfaction & loyalty. The long-term benefit from
improved customer experience for banks is that not only they will be able to sell loans but also build
sustainable relationship with customers.

4.2. Developing predictive models and decision-making through data

4.2.1. Building predictive models

Another important measure for optimizing DTL conversion rates is to create robust loan prediction
models. Another example is banks can use machine learning methods to determine how likely
customers are to take out a loan, which enables them to better evaluate risk and optimize marketing
efforts. Ensemble learning algorithms like Random Forest and XGBoost are further capable of
processing large-scale financial data effectively, and also for revealing customer behavior patterns
robustly to enhance prediction [17]. Moreover, banks can further optimize credit scoring models by
using external data sources (for instance, social media data and credit bureau scores), which
increase the accuracy of loan predictions [20]. Extending beyond internal databases, external data
overcomes the information coverage limitations of conventional credit scoring models and, thus, 
provides much richer behavioral insights for improving the prediction accuracy of credit risk.

4.2.2. Key feature engineering

Feature engineering is one of the most active elements that influence the predictive performance of
machine learning models. Banks can use the features derived from customer deposit pattern, salary
inflows, spending preferences, etc, to boost model accuracy as these factors play an important role in
determining loan demand [5]. For example, the stability of a customer’s salary inflow can show their
ability to repay loans. Changes in deposits may reflect short-term funding needs. Banks can also use
natural language processing (NLP) techniques to analyze customer service conversations, user
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feedback, and online reviews. This helps identify loan intentions [15].. It also enables banks to
understand potential loan requirements early on and provide loan products on time, which improves
market adaptability and customer conversion rate.

4.2.3. Evaluation and optimization

Banks must use strict evaluation processes when implementing predictive models. These processes
ensure the models are stable and can generalize well. Common optimization methods, like cross-
validation and hyperparameter tuning, can reduce overfitting and improve prediction accuracy [23].
Moreover, model evaluation metrics like AUC-ROC (Area Under Curve - Receiver Operating
Characteristic) and F1-score can further validate the classification performance of our model, in
order to utilize it effectively in real-world scenarios. This can be achieved by integrating various
model robustness and explainability techniques such as SHAP (Shapley Additive Explanations) and
LIME (Local Interpretable Model-agnostic Explanations) methods [21]. These methods help banks
explain how their models make decisions. This improves regulatory compliance and builds customer
trust in automated credit decisions. XAI also helps banks identify potential biases in algorithms.
This allows them to adjust models to meet fairness and reliability standards.

4.3. Common function of product optimization and risk control

4.3.1. Product design: different loan offerings

Providing loan products tailored to different customer segments can boost loan conversion rates and
increase customer loyalty. For instance, younger customers have a stronger demand for smaller,
short-term loans for immediate consumption or emergency funding, and high-net-worth customers
have a stronger preference for larger, low-interest loans to use for financial leverage and asset 
allocation [1]. Furthermore, banks can enhance customer retention through deposit-loan linkage
measures, for instance, on deposit levels being the basis for raising the limit on pre-approved loans.
By adopting this strategy, customers are enticed to deposit more funds to the bank, which positively
impacts the liquidity of the banks, thus laying the foundation for a stable deposit-to-loan conversion
system. Banks can study customer behavior data to provide personalized loan solutions like
differentiated repayment cycle options and adjustable interest rates to better fit varying financing
needs.

4.3.2. Loan risk management

In data-driven decision making, banks could leverage real-time transaction data and AI algorithms to
proactively modify their loan limits representing lower risks of defaulting. On the other side, in
traditional static credit scoring systems, customers' credit status is not timely reflected, and dynamic
credit scoring systems continuously monitor customers' cash flows, spending patterns, and
repayment behaviors to automatically adjust loan limits, to deliver the rationale credit strategies
[20]. Moreover, using machine learning for credit risk management has greatly enhanced the
accuracy of loan approvals. They can detect default risk assessment based on historical default,
financial status, social behavior, and the market trend prediction models [4], and through credit risk
automation and loan approval optimization. If the customer has a high probability of defaulting, for
instance, additional checks may be added automatically to their application process to mitigate any
potential losses from loans and their terms. These kinds of intelligent risk management systems 
improve the efficiency of loan approval while ensuring the security of assets.



Proceedings	of	the	3rd	International	Conference	on	Management	Research	and	Economic	Development
DOI:	10.54254/2754-1169/2025.31278

24

4.3.3. Compliance and ethical issues

Banks should optimize loan products and risk control strategies while ensuring compliance with
regulatory requirements and following financial ethics to promote market trust and sustainable 
development. First, designing loan products in a way that is fair can help target individuals without
offering products exclusively to high-net-worth customers while avoiding low-income or credit-
limited groups. This can better alleviate the phenomenon of financial exclusion and promotion of
inclusive finance through optimizing the standard of credit assessment, which realizing inclusive
finance through reducing the loan threshold of banks [20]. Second, confidentiality of customer data
will take precedence over economical profit, with banks facilitating the use of big data to comply
with the General Data Protection Regulation (GDPR) or how the Personal Information Protection
Law (PIPL) is enforced. To avoid discrimination, banks need to analyze model decision logic using
XAI methods (e.g., SHAP and LIME) to help avoid injustices caused by algorithms based on 
gender, casting, or geographic location in algorithmic decision-making [24]. Banks can also set up a
compliance review mechanism to conduct regular reviews and determine whether loan products set
by banks and credit assessment systems are fair, to ensure the rationality of loan strategies and
reduce the risk of legal compliance.

5. SWOT analysis

5.1. Strengths

The data-driven approaches offer more precise and efficient frameworks for customer segmentation,
marketing and risk management, etc., thus becoming the building blocks for achieving operational 
excellence at banks. A secondary benefit of harnessing data is the precision that data-driven
strategies allow for, empowering banks to use advanced analytics, machine learning, and AI to
maximize customer segmentation, predict the need for loans, and enhance marketing campaigns.
This approach makes targeting more precise and resource use more efficient. It optimizes the
process and increases customer satisfaction. Another major strength is the customer-centric focus.
Since banks can improve the customer experience by directly meeting the expectations of modern-
day consumers who want banking to be easy through tailor-made loan products, pre-approved loans,
and intelligent service. This approach also offers significant benefits for risk management. AI credit
risk analysis systems and dynamic credit scoring tools help banks assess potential loan defaults
more accurately. By adjusting credit limits in real-time based on data, banks can reduce financial
risks and improve asset quality. Finally, data-driven strategies emphasize fairness, inclusivity, and
data privacy protection. This helps banks meet stricter regulatory standards. It also builds public
trust and reduces legal compliance risks.

5.2. Weaknesses

Though data-driven approaches can optimize financial services, such techniques are not without
challenges. Next, the first point is the implementation complexity. For small and medium-sized
banks, the implementation of machine learning, natural language processing, and explainable AI
required significant expertise, infrastructure, and financial investment. Another limitation is the
dependency on data. Data-driven strategies are only as effective as the completeness and quality of
the data. And inaccurate predictions from missing or biased data could hurt the quality of decision-
making. Moreover, customers will likely hesitant about both data collection and AI-driven
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decisions. Automated decision-making may be viewed by some consumers as less transparent, and
they may have privacy concerns, leading to lower acceptance of such strategies. Lastly, overuse of
technology is said to cause distractions in service delivery. Yes, these improvements in efficiency
take place, but because automation is being applied with such high density, especially along with
machine intelligence, it comes at the expense of losing that human touch that is a must have when
you want to maintain long-term relationships with customers in the financial services sector. As a
result, banks need to bring a unique blend of technological innovation and human-centric services
to their data-driven strategies.

5.3. Opportunities

Banking for forwarders of financial data is evolving, as data-driven opportunities in the fast-paced
financial industry grow. On one hand, the emerging green loans and MSME marketplace provide a
new potential for business growth. With sustainable finance emerging as a viable option and the
demand for MSME financing surpassing supply, banks could leverage data analytics to not only
simplify the loan approval process but also optimise the efficiency of matching funds with MSME
requirements, thereby serving these new markets better. Also, accelerated digital transformation
offers wider growth opportunity for the banks. This would lead to increased levels of digital service,
asset acquisition, retention strategies, and general market competitiveness for banks who will be
able to leverage AI and big data analytics. At the same time, cross-industry collaboration and data
integration opportunities are also on the rise. For example, banks can collaborate with
FinTech/technology companies, data aggregators and other financial or nonfinancial institutions to
provide a more enriching data source for improved analytics and analytics capabilities to derive
more precise insights on customers and better risk assessments. Last but not least, AI and machine
learning are continuously evolving, which is driving down modelling costs while also enhancing
algorithm interpretation, allowing data-driven approaches be more efficient and transparent in terms
of banking operations. Thus, these technological trends provide banks an opportunity to fine-tune
their strategies relating to marketing, risk management, and customer service, keeping them abreast
of the competition.

5.4. Threats

However, while they present several opportunities, data-driven strategies must also contend with
challenges driven by the external environment. The first threat comes from growing market
competition. With the rise of FinTech, banks are facing commoditization. FinTech companies are
pushing banks to adopt digital services and improve customer acquisition. Some question whether
banks can maintain their long-term leadership through innovative data-driven strategies. Second, 
the changing regulatory environments are also a challenge. As governments worldwide strengthen
data privacy and AI regulations, banks must adapt their compliance strategies to these changing
laws. This process increases compliance costs and limits the flexibility of data-driven applications.
Additionally, banks face cybersecurity and data breach risks. Since banks rely on large amounts of
data to store and process information, they are highly vulnerable to cyberattacks. Data breaches can
cause loss of customer trust and even legal disputes. Lastly, macroeconomic uncertainties can
affect loan demand and the borrowers’ ability to repay. For example, shifts in interest rates,
economic downturns, or global financial crises can affect banks' asset quality. This can weaken the
effectiveness of data-driven strategies. As such, banks need to remain highly attentive when
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executing data-driven strategies to ensure that they have the appropriate business continuity
measures in place to prepare for market shifts.

6. Conclusion

However, loan stickiness can lead to less competitive checking account offers, but several banks
manage to incentivize deposit customers to take on loans. By using tools like big data analytics,
machine learning, and AI, banks can improve areas such as customer segmentation, risk assessment,
and personalized marketing. This helps maximize the conversion rate from deposits to loans. The
contrast of operations automation with these technologies improves operational efficiency and at
the same time provides better risk management and regulatory compliance. However, banks need to
solve challenges like data privacy issues, implementation complexities, and changing regulatory
landscapes. With strong data-driven strategies and a customer-focused approach, banks can better
meet the diverse financial needs of their customers. This builds long-term loyalty and supports
sustainable growth. With data up to October 2023 and the financial landscape can significantly
change, innovative banks that master the balance between novelty and regulatory compliance will
enjoy sustainable competitive advantage in the marketplace.
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